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Abstract 
This study presents an extended systematic review and meta-analysis of distribution cost control strategies in 
retail supply chains, synthesizing evidence from operations research and logistics optimization studies. 
Following PRISMA guidelines, 1,284 records were initially identified through comprehensive database searches. 
After duplicate removal, screening, and eligibility assessment, 83 peer-reviewed studies were included in the 
systematic review, of which 54 studies reported sufficiently comparable quantitative outcomes to support meta-
analytic synthesis. Collectively, the reviewed studies represent a highly influential body of literature with an 
estimated 18,000+ cumulative citations, indicating strong scholarly impact and maturity of the research 
domain. The meta-analysis reveals that optimization-based strategies achieved average total distribution cost 
reductions ranging from 8% to 25% compared with baseline or non-optimized decision structures, depending 
on strategy type and network context. Inventory optimization strategies, examined in 46 studies, were 
associated with 10–22% reductions in total distribution cost, primarily through lower emergency shipments 
and stabilized replenishment cycles. Transportation and vehicle routing optimization, addressed in 52 studies, 
demonstrated 12–30% reductions in transportation-related costs, along with 15–35% improvements in vehicle 
utilization and 10–28% reductions in total distance traveled. Integrated inventory–transportation and network-
level planning approaches, analyzed in 39 studies, consistently outperformed sequential planning, yielding 
additional cost savings of 5–15% beyond standalone optimization methods. Coordination and information 
alignment mechanisms, evaluated in 44 studies, reduced demand variability and logistics volatility, resulting 
in 20–40% reductions in emergency logistics actions and 8–18% lower total distribution costs. Uncertainty-
aware models, including stochastic and robust optimization approaches examined in 38 studies, demonstrated 
25–45% reductions in cost variability and 10–20% lower unplanned logistics expenditures under demand and 
lead-time uncertainty. Overall, the findings quantitatively confirm that effective distribution cost control in 
retail supply chains is achieved through coordinated, optimization-driven decision systems that integrate 
inventory, transportation, network design, coordination, and uncertainty management, producing both cost 
efficiency and cost stability across diverse retail distribution environments. 
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INTRODUCTION 
Distribution cost control strategies in retail supply chains can be defined as the structured managerial, 
analytical, and operational approaches used to regulate, reduce, and optimize the total expenses 
associated with moving products from suppliers through distribution facilities to retail outlets and final 
customers (Ivanov et al., 2018). Distribution costs encompass transportation, warehousing, inventory 
holding, order processing, material handling, packaging, reverse logistics, and service-related penalties 
such as stockouts and delivery failures. Cost control within this domain refers not to isolated cost 
cutting but to system-wide optimization that balances efficiency, responsiveness, and reliability. From 
an operations research and logistics optimization perspective, distribution cost control is formalized 
through objective functions that minimize total system cost subject to constraints related to demand 
fulfillment, service levels, capacity, and operational feasibility. These strategies are embedded within 
mathematical programming, simulation, and algorithmic decision-support frameworks that structure 
how inventory is replenished, how vehicles are routed, how facilities are utilized, and how uncertainty 
is managed (Ge et al., 2019). In retail supply chains, distribution cost control is particularly complex 
due to high product variety, fluctuating demand, short replenishment cycles, and geographically 
dispersed customer bases. Internationally, retail distribution cost efficiency carries economic 
significance because retail supply chains connect manufacturing regions with consumption markets 
across national boundaries. Distribution inefficiencies directly influence consumer prices, market 
accessibility, and firm competitiveness, while cost-effective logistics enable retailers to operate 
profitably in diverse regulatory and infrastructural environments. Global sourcing, cross-border 
transportation, and multinational distribution networks expose retailers to variability in fuel prices, 
labor costs, infrastructure quality, and customs processes, intensifying the need for analytically 
grounded cost control strategies (Makarova et al., 2019). A systematic review and meta-analysis 
focused on this topic therefore addresses distribution cost control not as a localized operational concern 
but as a globally relevant optimization problem supported by a large body of quantitative research in 
operations research and logistics. 
Retail distribution costs are shaped by interconnected operational drivers that operate across multiple 
supply chain stages, including demand uncertainty, replenishment frequency, delivery density, 
product assortment breadth, and service-level commitments (Schlick et al., 2017). Distribution cost 
control strategies aim to manage these drivers through coordinated decision-making rather than 
isolated interventions. A core principle in logistics optimization is total cost minimization, which 
recognizes that savings in one area may generate higher costs elsewhere if system interactions are 
ignored. In retail environments, frequent replenishment reduces store inventory but increases 
transportation intensity, while infrequent replenishment lowers transport costs but raises inventory 
holding and obsolescence risk. These trade-offs are magnified in multi-echelon systems where 
suppliers, distribution centers, and stores are linked through replenishment policies that transmit 
variability upstream and downstream. International retail operations further complicate cost control 
due to differences in market density, infrastructure reliability, and customer expectations. Urban retail 
systems often face congestion and delivery restrictions that affect routing efficiency, while rural and 
cross-border networks experience longer lead times and higher variability (Dias & Ierapetritou, 2017). 
The growth of omnichannel retailing has added new distribution cost dimensions by integrating store 
replenishment with direct-to-consumer fulfillment, returns processing, and last-mile delivery. 
Distribution cost control strategies must therefore address not only physical flows but also information 
accuracy, coordination quality, and responsiveness to demand signals. Inaccurate inventory records, 
delayed information sharing, and fragmented planning processes increase the likelihood of emergency 
shipments, excess safety stock, and inefficient vehicle utilization. Operations research models capture 
these dynamics by linking cost outcomes to decision variables such as order quantities, shipment 
consolidation, routing frequency, and facility assignment. The diversity of retail formats and 
geographic contexts produces a wide range of cost structures and optimization outcomes, making 
evidence synthesis essential for identifying patterns that hold across settings (Adivar et al., 2019). A 
systematic review and meta-analysis can organize this evidence by cost drivers and decision levers, 
enabling structured comparison of strategies that reduce distribution costs under comparable service 
conditions. 
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Figure 1: Retail Distribution Optimization Framework 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Inventory optimization represents a foundational mechanism for controlling distribution costs in retail 
supply chains because inventory levels directly influence transportation frequency, storage 
requirements, handling effort, and service reliability (Laari et al., 2017). Inventory control strategies 
define how much stock is held, where it is positioned within the network, and how replenishment 
decisions respond to demand and lead-time variability. In retail systems, inventory decisions at one 
node influence distribution costs throughout the network. Excess inventory increases warehousing and 
handling costs, while insufficient inventory generates costly stockouts and emergency replenishments. 
Multi-echelon inventory structures introduce additional complexity because safety stock can be 
positioned upstream for pooling benefits or downstream for responsiveness, each with distinct cost 
implications. Analytical inventory models formalize these trade-offs by balancing holding costs, 
ordering costs, and shortage penalties under service constraints. In international retail supply chains, 
longer lead times and greater uncertainty increase the sensitivity of distribution costs to inventory 
policy design. Inventory pooling across distribution centers reduces variability but may increase 
transportation distances, while decentralized stocking improves local availability at the expense of 
higher aggregate inventory levels (Lambert & Enz, 2017). Operations research studies examine these 
configurations through deterministic, stochastic, and robust modeling approaches that quantify total 
cost outcomes under alternative policies. Inventory accuracy further influences distribution cost 
control, as discrepancies between recorded and physical stock lead to misaligned replenishment 
decisions, over-ordering, and unnecessary transportation. Poor accuracy increases operational noise, 
requiring corrective shipments and additional handling that inflate distribution costs. Retail inventory 
optimization research also addresses assortment complexity, perishability, and demand heterogeneity, 
all of which affect replenishment frequency and shipment structure. Because inventory decisions shape 
transportation patterns and facility workloads, inventory optimization functions as an indirect yet 
powerful distribution cost control strategy (Ivanov, 2018). Systematic synthesis of inventory-focused 
optimization studies allows for aggregation of cost impacts across different network structures and 
uncertainty conditions, supporting a comprehensive understanding of how inventory policies 
contribute to distribution cost efficiency. 
Transportation optimization is a central component of distribution cost control because transportation 
typically represents one of the largest cost categories in retail logistics. Transportation costs arise from 
vehicle acquisition and operation, fuel consumption, labor, maintenance, and time-based penalties 
associated with delivery windows and congestion (Shibin et al., 2016). Transportation optimization 
strategies focus on designing efficient routes, schedules, and fleet utilization plans that satisfy service 
requirements while minimizing total cost. Retail distribution networks frequently employ multi-stop 
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routes, milk runs, and consolidation strategies to reduce distance traveled and vehicle count. Vehicle 
routing optimization addresses these challenges by determining the sequence of deliveries, assignment 
of customers to vehicles, and timing of service. Retail-specific routing constraints include store delivery 
windows, heterogeneous fleets, temperature-controlled transport, and varying order sizes. Last-mile 
delivery in e-commerce and omnichannel retail adds further complexity by introducing dispersed 
delivery points and high service expectations. Transportation optimization studies demonstrate how 
route restructuring, delivery frequency adjustment, and time-window flexibility influence cost 
outcomes. Cross-docking and transshipment strategies integrate transportation and handling decisions 
by reducing storage time and enabling rapid transfer between inbound and outbound vehicles. While 
these approaches lower inventory holding costs, they introduce synchronization requirements that 
affect scheduling and routing efficiency (Nakasumi, 2017). International transportation cost control is 
influenced by infrastructure quality, regulatory constraints, and geographic dispersion, leading to 
diverse optimization contexts across regions. Operations research models capture these factors through 
network representations that evaluate distance, capacity, and service constraints simultaneously. 
Transportation optimization research often reports cost savings relative to baseline routing practices, 
vehicle utilization improvements, and reductions in total distance traveled. These quantitative 
outcomes provide a basis for comparative analysis across studies. A systematic review and meta-
analysis can synthesize transportation-focused evidence by categorizing routing structures, constraint 
types, and performance metrics, enabling evaluation of which transportation optimization strategies 
consistently contribute to distribution cost reduction in retail supply chains (Govindan et al., 2015). 
Distribution network design and facility location decisions determine the structural foundation of retail 
distribution costs by shaping how products flow through the supply chain. Network design defines the 
number, location, and capacity of distribution centers, the assignment of retail outlets to facilities, and 
the transportation links connecting nodes. These decisions involve trade-offs between fixed facility 
costs and variable transportation and inventory costs (Tiwari, Wee, et al., 2018). Centralized networks 
reduce facility expenses and enable inventory pooling but increase average delivery distance, while 
decentralized networks improve responsiveness at the cost of higher facility and inventory investment. 
Operations research approaches model these trade-offs using optimization techniques that minimize 
total distribution cost while satisfying demand and service constraints. International retail networks 
often span multiple countries, introducing additional complexity related to customs, lead times, and 
regulatory variation. Network design models incorporate these factors through multi-stage and multi-
commodity formulations that evaluate cost impacts across sourcing, distribution, and delivery stages. 
Robust and stochastic network design approaches address uncertainty in demand, transportation time, 
and capacity availability by valuing flexibility and redundancy (Chen et al., 2016). These models 
quantify how design choices affect long-term distribution cost exposure under varying conditions. 
Omnichannel retailing has altered traditional network roles by enabling stores to function as fulfillment 
nodes, changing the cost structure of picking, packing, and delivery. Network design research 
examines how integrating store-based fulfillment affects total distribution cost and service 
performance. Cross-docking facilities represent another network design strategy that reduces 
inventory dwell time and handling costs but increases coordination demands. Network design studies 
typically generate scenario-based cost comparisons that evaluate alternative configurations under 
consistent assumptions (Chin et al., 2015). These results provide rich material for systematic synthesis 
when studies are grouped by network structure, uncertainty treatment, and service requirements. A 
meta-analytic perspective enables identification of network design strategies that consistently reduce 
distribution costs across retail contexts. 
Coordination and information alignment across retail supply chain partners constitute a critical 
dimension of distribution cost control because misalignment generates inefficiencies that propagate 
through inventory and transportation systems. Distribution costs increase when replenishment 
decisions are based on distorted demand signals, delayed information, or inconsistent operational 
rules. Coordination strategies aim to synchronize ordering, replenishment, and delivery decisions 
across suppliers, distribution centers, and retail outlets (Macchion et al., 2018). Variability amplification 
leads to order batching, excess safety stock, and underutilized transportation capacity, all of which raise 
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distribution costs. Operations research models formalize coordination mechanisms by integrating 
information flows and decision rules across supply chain stages. Information sharing enables more 
accurate demand forecasting and smoother replenishment, reducing the need for emergency shipments 
and excess inventory. In retail supply chains, coordination is further challenged by assortment 
complexity, promotional activity, and channel integration. Omnichannel coordination requires real-
time inventory visibility and fulfillment rules that determine sourcing decisions based on cost and 
availability. Inventory record accuracy is central to coordination, as discrepancies undermine planning 
and lead to inefficient distribution movements (Begum & Nazmul, 2021; Ben-Daya et al., 2019; Ara, 
2021). Process improvements such as cycle counting, standardized data capture, and automated 
identification technologies improve alignment between physical and informational flows. 
Coordination research also addresses matching supply chain configurations to demand characteristics, 
linking product variability to appropriate replenishment and distribution strategies (Ahmed & Hasan 
Or, 2021; Robel & Morshedul, 2021). Quantitative studies evaluate coordination benefits through cost 
reductions, variability dampening, and service improvements under controlled conditions. These 
outcomes vary based on demand uncertainty, lead times, and network complexity, producing 
heterogeneous evidence suitable for synthesis (Aditya & Robel, 2022; Formentini & Taticchi, 2016; 
Zaheda, 2021). A systematic review and meta-analysis can structure coordination-related findings by 
information scope, decision integration level, and performance metrics, supporting comparative 
evaluation of coordination strategies as distribution cost control mechanisms. 
 

Figure 2: Retail Supply Chain Cost Optimization 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
A systematic review and meta-analysis of distribution cost control strategies in retail supply chains 
requires an integrative framing that reflects how evidence is generated within operations research and 
logistics optimization (Istiaq & Nusrat, 2022; Ivanov et al., 2016; Ahmed & Rajib, 2022). Unlike purely 
empirical disciplines, operations research produces evidence through mathematical modeling, 
algorithmic experimentation, and scenario analysis that report objective values, cost components, and 
performance trade-offs (Khaled & Hisham, 2022; Md Mehedi & Md, 2022). Systematic synthesis in this 
domain involves identifying comparable decision problems, extracting standardized cost outcomes, 
and accounting for heterogeneity arising from model assumptions and parameter settings. Retail 
distribution optimization studies often evaluate multiple strategies within a single model, enabling 
within-study comparisons that control for contextual factors (Mainuddin & Chandra, 2022; Morshedul 
et al., 2022). Meta-analytic aggregation can leverage these comparisons by computing relative cost 
effects under matched service constraints (Dillon et al., 2017; Nazmul & Begum, 2022; Shahinur & Md. 
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Sultan, 2022). Heterogeneity is inherent in retail logistics research due to differences in demand 
variability, network scale, fulfillment mode, and geographic context. Structured coding of these 
characteristics enables subgroup analysis and sensitivity assessment without conflating fundamentally 
different systems (Begum & Kaniz, 2023; Binte & Hasan Or, 2022). Evidence spans inventory control, 
routing, network design, robustness, and coordination, each contributing distinct yet interrelated cost 
control mechanisms. By synthesizing results across these domains, a systematic review clarifies how 
combinations of strategies influence total distribution cost rather than evaluating isolated interventions 
(Ara & Onyinyechi, 2023; Islam & Aditya, 2023; Yu et al., 2016). This approach aligns with the systems 
orientation of logistics optimization and supports cumulative knowledge development across 
international retail contexts. 
The primary objective of this systematic review and meta-analysis is to comprehensively identify, 
classify, and synthesize distribution cost control strategies applied in retail supply chains as examined 
through operations research and logistics optimization studies. This objective is grounded in the need 
to consolidate a fragmented body of quantitative research that evaluates cost outcomes using diverse 
models, assumptions, and performance metrics. By systematically reviewing existing studies, the 
research aims to map the full spectrum of analytical strategies used to control distribution costs, 
including inventory optimization, transportation routing, network design, coordination mechanisms, 
and uncertainty management. A further objective is to quantitatively aggregate reported cost effects 
using meta-analytic techniques in order to estimate the magnitude and consistency of cost reductions 
associated with specific optimization approaches across retail contexts. This aggregation seeks to move 
beyond isolated case results and provide statistically grounded insights into which strategies 
demonstrate robust cost control performance under comparable service and operational constraints. 
Another central objective is to examine heterogeneity in cost outcomes by analyzing how contextual 
factors such as demand variability, network structure, fulfillment mode, and geographic dispersion 
influence the effectiveness of distribution cost control strategies. By coding and comparing study 
characteristics, the review aims to differentiate strategies that yield consistent cost efficiency across 
settings from those whose performance is context-dependent. The study also seeks to evaluate 
methodological patterns within the literature, including the prevalence of deterministic versus 
stochastic models, the integration of inventory and transportation decisions, and the use of scenario-
based experimentation, in order to understand how modeling choices shape reported cost outcomes. 
An additional objective is to establish a structured taxonomy of distribution cost control strategies 
grounded in optimization logic rather than managerial labels, enabling clearer comparison and 
cumulative knowledge development. The review further aims to assess the comparability of cost 
metrics used across studies, such as total distribution cost, transportation cost, inventory holding cost, 
and penalty costs, and to harmonize these measures where possible for synthesis. By achieving these 
objectives, the study provides a rigorous evidence-based foundation that clarifies how operations 
research and logistics optimization contribute to distribution cost control in retail supply chains, 
supporting a systematic understanding of cost efficiency mechanisms without extending into 
prescriptive implications or forward-looking claims. 
LITERATURE REVIEW 
The literature on distribution cost control in retail supply chains represents a substantial and 
methodologically diverse body of work that spans operations research, logistics optimization, supply 
chain management, and retail operations. Distribution costs have long been recognized as a dominant 
component of total supply chain expenditure in retail systems, driven by transportation, inventory 
holding, warehousing, order fulfillment, and service-level enforcement (Zijm et al., 2018). As retail 
supply chains have grown more complex due to global sourcing, multi-echelon network structures, 
and omnichannel fulfillment requirements, scholarly attention has increasingly focused on analytical 
and optimization-based approaches for managing and reducing these costs. The literature reflects a 
strong emphasis on quantitative modeling, where distribution cost control is framed as a systems 
optimization problem rather than a set of isolated operational adjustments. Within this body of 
research, cost control strategies are typically embedded in mathematical formulations that seek to 
minimize total distribution cost subject to demand fulfillment, service quality, capacity, and operational 
constraints.Operations research and logistics optimization studies form the core evidence base for 



Journal of Sustainable Development and Policy, April 2026, 73 – 109 
 

79 
 

understanding how distribution cost control strategies function in retail contexts. These studies employ 
a wide range of methodological approaches, including deterministic optimization, stochastic modeling, 
robust optimization, simulation, and heuristic algorithm design. Rather than relying on descriptive or 
perceptual measures, the literature predominantly evaluates cost control effectiveness through 
objective performance outcomes such as total cost reduction, transportation distance savings, inventory 
holding cost changes, and service penalty minimization. Retail-specific characteristics—such as high 
product variety, frequent replenishment cycles, time-sensitive deliveries, and geographically dispersed 
outlets—are explicitly incorporated into many models, distinguishing this literature from general 
supply chain optimization research (Kwon et al., 2016). At the same time, the diversity of modeling 
assumptions, network configurations, and performance metrics has resulted in a fragmented evidence 
base where findings are difficult to compare directly across studies.The purpose of this literature 
review is to systematically organize, categorize, and critically synthesize existing research on 
distribution cost control strategies in retail supply chains, with a specific focus on evidence generated 
through operations research and logistics optimization methodologies. By structuring the review 
around strategic decision domains—inventory optimization, transportation and routing, network 
design, coordination mechanisms, and uncertainty management—the section establishes a coherent 
analytical framework that reflects how distribution cost control is operationalized in the literature 
(Ivanov et al., 2016). This structured synthesis provides the foundation for subsequent meta-analytic 
aggregation by clarifying how cost outcomes are defined, measured, and influenced by modeling 
choices and contextual conditions across studies. 
Distribution Cost Control in Retail Supply Chains 
Distribution cost control in retail supply chains is conceptually framed in the literature as a system-
wide optimization problem rather than a collection of isolated cost-reduction initiatives. Scholarly work 
consistently emphasizes that distribution costs emerge from the interaction of multiple operational 
components operating across interconnected supply chain stages (Copacino, 2019). Transportation, 
warehousing, inventory holding, order processing, material handling, and service-related penalties are 
treated as interdependent cost elements that must be evaluated collectively to understand their 
combined impact on overall supply chain performance (Ahmed & Mehedi, 2023; Hasan Or et al., 2023). 
This holistic conceptualization reflects the recognition that localized cost savings often trigger 
compensatory cost increases elsewhere in the system, such as reduced transportation expense leading 
to higher inventory holding or service failure costs. Retail supply chain literature therefore adopts total 
cost frameworks that integrate multiple cost drivers within unified objective structures. These 
frameworks allow distribution cost control to be modeled as the minimization of an aggregate cost 
function subject to demand satisfaction, service quality, and operational feasibility constraints (Caniato 
et al., 2019; Mainuddin & Chandra, 2023; Mehedi & Nahar, 2023). Within this perspective, cost control 
is not synonymous with expense elimination but is instead associated with efficiency improvements 
achieved through coordination, balancing, and optimization. Retail distribution systems, characterized 
by frequent replenishment, geographically dispersed outlets, and high transaction volumes, further 
reinforce the need for system-level conceptualization (Mostafa, 2023; Chandra, 2023). The literature 
shows that decisions regarding shipment size, delivery frequency, inventory placement, and facility 
utilization jointly shape distribution cost outcomes. As a result, conceptual models prioritize cross-
functional alignment and analytical integration over departmental cost accounting. This systems 
orientation is deeply rooted in operations research traditions, where distribution cost control is 
embedded within formal optimization structures that explicitly capture trade-offs among competing 
objectives (Begum & Kaniz, 2024; Khatun & Zakia, 2023; Todorovic et al., 2018). The conceptual 
foundation established in this literature positions distribution cost control as a dynamic outcome of 
structured decision-making rather than a static accounting target, reinforcing its relevance as a core 
analytical construct in retail supply chain research (Hisham & Nahar, 2024; Khaled & Morshedul, 2024). 
The literature conceptualizes distribution costs as a composite of multiple cost categories that 
collectively determine the economic efficiency of retail supply chains. Transportation costs typically 
represent a substantial portion of total distribution expenditure, encompassing vehicle operation, fuel 
consumption, labor, routing inefficiencies, and delivery time penalties (Mehedi & Nahar, 2024; 
Towhidul & Uddin, 2024; Tukamuhabwa et al., 2015). Warehousing costs include fixed facility 
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expenses, space utilization, labor for picking and packing, and equipment operation. Inventory holding 
costs capture capital tied up in stock, storage space consumption, insurance, shrinkage, obsolescence, 
and spoilage, particularly relevant for retail assortments with short life cycles (Robel & Morshedul, 
2024; Rajib, 2024). Handling and processing costs arise from order preparation, cross-docking activities, 
sorting, and internal material movement within distribution centers and retail outlets. Service-related 
penalties constitute another critical cost component, reflecting the financial consequences of stockouts, 
late deliveries, lost sales, and customer dissatisfaction. Rather than treating these elements 
independently, the literature consistently integrates them into total cost frameworks that provide a 
unified representation of distribution economics (Albert, 2025; Ivanov, 2018; Zakia & Khatun, 2024). 
These frameworks serve as the analytical foundation for optimization models that evaluate alternative 
policies and network configurations. Retail-specific total cost formulations often include explicit 
service-level constraints to reflect the competitive importance of product availability and delivery 
reliability (Ishtiaque & Rajib, 2025; Hasan, 2025). The integration of cost components allows researchers 
to assess how changes in one area influence the overall cost structure. For example, increased 
transportation frequency may reduce inventory holding but raise delivery costs, while consolidation 
strategies may lower transportation expense at the cost of higher inventory and handling requirements 
(Ashfaq & Ashraful, 2025; Robel, 2025). The literature demonstrates that meaningful distribution cost 
control emerges from balancing these opposing forces rather than prioritizing a single cost category. 
Total cost frameworks therefore function as both conceptual and analytical tools that align retail 
operational decisions with economic objectives (Murad, 2025; Shamsul, 2025; Yawar & Seuring, 2017). 
This integrated perspective enables rigorous comparison of cost control strategies across studies, retail 
formats, and geographic contexts, reinforcing the centrality of total cost thinking in the conceptual 
foundations of distribution cost control. 
  

Figure 3: Retail Distribution Cost Control Framework 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Retail supply chains exhibit structural and operational characteristics that fundamentally shape how 
distribution cost control is conceptualized in the literature. High product variety, rapid assortment 
turnover, and heterogeneous demand patterns create complex replenishment requirements that 
directly influence distribution costs. Unlike manufacturing supply chains that often handle stable 
product flows, retail systems must accommodate frequent product introductions, promotions, and 
seasonal fluctuations (Ayers & Odegaard, 2017). These dynamics increase the sensitivity of distribution 
costs to replenishment frequency, inventory accuracy, and transportation responsiveness. Service-level 
expectations further distinguish retail distribution cost control from other supply chain contexts. 
Product availability, shelf readiness, and delivery reliability are core competitive dimensions in retail 
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markets, requiring cost control strategies to operate within stringent service constraints. The literature 
reflects this by embedding service-level requirements directly into cost minimization models, ensuring 
that cost reductions do not erode customer-facing performance. Replenishment frequency is another 
defining characteristic that shapes cost control objectives (Heineke et al., 2017; Shamsul & Morshedul, 
2025;  Bhuya, 2025). High-frequency replenishment reduces in-store inventory but increases 
transportation intensity and coordination complexity. Low-frequency replenishment lowers 
transportation activity but elevates inventory holding and stockout risk. Retail distribution cost control 
models explicitly address these trade-offs by linking replenishment decisions to both inventory and 
transportation costs (Khaled, 2026; Ratul, 2026). Additionally, geographic dispersion of retail outlets 
amplifies distribution complexity, particularly in national and multinational networks where delivery 
distances, infrastructure quality, and regulatory conditions vary. These retail-specific factors are 
consistently acknowledged in the literature as drivers that differentiate retail distribution cost control 
from generic logistics optimization. Conceptually, they justify the need for tailored cost frameworks 
that reflect the operational realities of retail systems (Chin et al., 2015). The literature positions 
distribution cost control objectives as inherently multi-dimensional, balancing efficiency, 
responsiveness, and reliability within the constraints imposed by retail market structures. This 
contextual grounding strengthens the theoretical coherence of distribution cost control as a domain-
specific construct rather than a generic cost management concept. 
From an operations research perspective, the conceptual foundations of distribution cost control in 
retail supply chains are formalized through mathematical abstraction and optimization logic. 
Distribution systems are represented as networks of nodes and links, where decision variables govern 
inventory levels, shipment quantities, routing structures, and facility assignments. Cost control is 
achieved by identifying decision configurations that minimize total system cost while satisfying 
operational and service constraints (Silver et al., 2016). The literature consistently frames distribution 
cost control as an optimization problem characterized by trade-offs among competing objectives rather 
than a deterministic calculation. Constraints related to capacity, lead time, delivery windows, and 
demand fulfillment play a central role in shaping feasible solutions and cost outcomes. Retail 
distribution models often incorporate multi-echelon structures to reflect the layered nature of supplier, 
distribution center, and store interactions. Within these structures, cost control strategies are evaluated 
based on their ability to reduce aggregate cost measures across the network. Operations research 
studies contribute to the conceptual foundation by demonstrating how coordinated decision-making 
outperforms sequential or siloed approaches (Chavez et al., 2017). Integrated models show that jointly 
optimizing inventory, transportation, and facility decisions yields lower total distribution costs than 
optimizing each component independently. The literature also emphasizes the importance of explicitly 
modeling uncertainty, recognizing that demand variability and lead-time fluctuations significantly 
influence cost performance. While methodological diversity exists, a unifying conceptual theme is the 
treatment of distribution cost control as an outcome of structured decision systems rather than 
managerial intuition. This analytical orientation reinforces the legitimacy of distribution cost control as 
a scientific research domain grounded in formal modeling and quantitative evaluation. By embedding 
cost components within rigorous optimization frameworks, operations research provides the 
conceptual backbone that supports systematic comparison and synthesis of distribution cost control 
strategies in retail supply chains (Helo & Hao, 2019). 
Inventory Optimization as a Distribution Cost Control Strategy 
Inventory optimization is widely conceptualized in the retail supply chain literature as a central 
mechanism for controlling distribution costs due to its direct and indirect influence on transportation, 
warehousing, and service performance (Çelebi, 2015). Inventory decisions determine not only the 
volume of goods held at various nodes but also the timing and frequency of replenishment, which in 
turn shapes distribution cost structures. The literature consistently frames inventory optimization as a 
balancing process that minimizes holding and ordering costs while controlling downstream 
distribution expenses such as transportation frequency, handling intensity, and emergency shipments. 
Retail environments amplify the importance of this balance because high product variety, rapid 
demand fluctuations, and short replenishment cycles make inventory decisions highly sensitive to cost 
inefficiencies. Single-echelon inventory models provide foundational insights by examining 
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replenishment policies at individual locations, demonstrating how order quantities and review periods 
affect both inventory and transportation costs (Darvish & Coelho, 2018). Multi-echelon models extend 
this analysis by capturing interactions between upstream and downstream stock points, showing that 
inventory decisions at one level propagate cost consequences across the distribution network. 
Inventory optimization literature emphasizes that excessive inventory increases storage, handling, and 
obsolescence costs, while insufficient inventory generates costly stockouts, expedited shipments, and 
service penalties. Distribution cost control therefore emerges not from minimizing inventory alone but 
from strategically positioning and replenishing inventory in ways that stabilize flows and reduce 
variability. Retail-focused studies demonstrate that well-calibrated inventory policies reduce shipment 
volatility, improve vehicle utilization, and lower overall distribution costs (Kang et al., 2015). This body 
of work establishes inventory optimization as a systemic cost control strategy embedded within the 
broader logistics network rather than a standalone warehouse management function. 
 

Figure 4: Inventory Optimization Framework for Retail 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The literature distinguishes between single-echelon and multi-echelon inventory models as 
complementary analytical frameworks for understanding distribution cost control in retail supply 
chains. Single-echelon models focus on individual stocking locations such as retail stores or distribution 
centers, examining how reorder points, order quantities, and review frequencies influence local cost 
outcomes (Dillon et al., 2017). These models illustrate that even at a single node, inventory policies 
affect distribution costs by shaping delivery schedules, shipment sizes, and handling workloads. Retail 
studies using single-echelon frameworks demonstrate that inappropriate replenishment rules lead to 
frequent small shipments or excessive safety stock, both of which elevate distribution costs. Multi-
echelon inventory models expand this analysis by explicitly modeling the interdependencies between 
multiple stocking levels, such as suppliers, central distribution centers, regional warehouses, and retail 
outlets. The literature shows that multi-echelon coordination enables inventory pooling, risk sharing, 
and demand aggregation, which reduce variability and lower total inventory requirements (Atnafu & 
Balda, 2018). These reductions translate directly into distribution cost savings by decreasing emergency 
replenishments, stabilizing transportation demand, and improving consolidation opportunities. Multi-
echelon models also highlight the cost implications of decoupling points and lead-time differentiation, 
demonstrating that strategic placement of safety stock can reduce downstream service failures without 
increasing upstream holding costs excessively. Retail distribution systems benefit from these insights 
because they often operate with layered replenishment structures and geographically dispersed outlets. 
The literature consistently reports that coordinated multi-echelon inventory policies outperform 
isolated single-echelon decisions in terms of total distribution cost (Tiwari, Daryanto, et al., 2018). This 
comparative evidence reinforces the conceptual position that inventory optimization must be analyzed 
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within a network context to accurately capture its cost control potential in retail supply chains. 
Safety stock positioning and replenishment policy design are repeatedly identified in the literature as 
critical determinants of distribution cost efficiency in retail supply chains. Safety stock serves as a buffer 
against demand and lead-time uncertainty, but its placement within the distribution network 
significantly affects both inventory and transportation costs (Moons et al., 2019). Studies demonstrate 
that positioning safety stock upstream enables risk pooling and reduces total inventory volume, while 
downstream placement improves responsiveness but increases handling and space requirements. The 
literature frames safety stock decisions as distribution cost trade-offs rather than purely inventory 
considerations. Replenishment policies further shape these trade-offs by defining order frequency, 
shipment size, and delivery regularity. Frequent replenishment reduces on-hand inventory at retail 
locations but increases transportation activity and coordination complexity. Infrequent replenishment 
lowers delivery frequency but elevates inventory holding costs and stockout risk (Singh & Verma, 
2018). Inventory pooling strategies, such as consolidating stock at central distribution centers or 
enabling lateral transshipments among retail outlets, are examined as mechanisms for reducing both 
inventory and distribution costs. Pooling reduces variability and stabilizes flows, allowing retailers to 
achieve lower safety stock levels and more predictable transportation schedules. The literature shows 
that effective pooling decreases emergency shipments and improves load consolidation, directly 
contributing to lower distribution costs. Retail-specific studies emphasize that assortment breadth and 
demand heterogeneity influence the effectiveness of pooling strategies, as highly variable items benefit 
more from centralized buffering (Wild, 2017). Through these analyses, the literature establishes safety 
stock positioning, replenishment rules, and pooling as interconnected inventory optimization levers 
that collectively shape distribution cost outcomes. 
Inventory accuracy is extensively examined in the literature as a critical yet often underestimated factor 
influencing distribution costs in retail supply chains. Accurate inventory records enable reliable 
replenishment decisions, stable shipment planning, and efficient coordination between inventory and 
transportation systems (Rafie-Majd et al., 2018). Conversely, inventory record discrepancies generate 
misaligned decisions that propagate inefficiencies throughout the distribution network. The literature 
documents how inaccurate records lead to phantom stockouts, over-ordering, underutilized storage 
capacity, and unplanned emergency shipments, all of which increase distribution costs. Retail 
environments are particularly vulnerable to accuracy issues due to high transaction volumes, 
shrinkage, handling errors, and frequent stock movements. Studies demonstrate that poor inventory 
accuracy inflates safety stock requirements and distorts replenishment signals, resulting in volatile 
shipment patterns and inefficient transportation utilization. From a distribution cost control 
perspective, inventory inaccuracies undermine optimization efforts by introducing noise into 
otherwise well-designed policies (Hiassat et al., 2017). The literature emphasizes that inventory 
optimization models assume accurate state information, making data quality a foundational 
prerequisite for cost efficiency. Research on process controls such as cycle counting, standardized 
handling procedures, and automated identification technologies illustrates how improvements in 
inventory accuracy stabilize replenishment and reduce distribution variability. Retail-focused analyses 
show that improved accuracy reduces both inventory and transportation costs by lowering the 
incidence of corrective shipments and improving consolidation opportunities. Inventory accuracy is 
therefore conceptualized as an enabling condition for effective inventory optimization rather than a 
separate operational concern  (Yu et al., 2016). The literature integrates accuracy considerations into 
broader cost control frameworks, reinforcing the view that distribution cost efficiency depends on the 
alignment of physical flows and informational integrity across the retail supply chain. 
Transportation and Vehicle Routing Optimization in Retail Distribution 
Transportation and vehicle routing optimization occupy a central position in the literature on 
distribution cost control because transportation commonly represents one of the most visible and 
variable cost components in retail logistics systems. Research consistently frames transportation cost 
control as an analytical problem shaped by route structure, scheduling feasibility, and the utilization 
of fleet and driver resources under service constraints (Abdulkader et al., 2018). Retail distribution 
networks involve recurring delivery cycles, dispersed store locations, high-volume shipment flows, 
and increasingly complex service expectations linked to store delivery windows and customer delivery 
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promises. The literature conceptualizes routing optimization not merely as distance minimization, but 
as a broader cost management approach that includes labor time, vehicle capacity utilization, stop 
sequencing, depot assignment, and operational constraints such as maximum route duration. 
Transportation cost is also tied to distribution center operations through staging, loading, dispatching, 
and synchronization activities, making transportation decisions interdependent with warehousing 
workloads and order processing timelines (Peres et al., 2017). Optimization studies highlight that 
routing efficiency is strongly influenced by delivery density, geographic dispersion, and demand 
volatility, factors that vary significantly across retail formats such as grocery, apparel, and general 
merchandise. As a result, routing problems in retail often extend beyond classical formulations and 
incorporate multiple realistic constraints. The literature emphasizes that cost control is achieved 
through systematic routing policies and algorithmic decision tools that produce stable delivery plans, 
reduce unnecessary mileage, and improve vehicle productivity. At the same time, retail transportation 
systems are evaluated against service reliability standards, including on-time performance, delivery 
window compliance, and store readiness (Y. Li et al., 2016). This dual emphasis on cost and service 
leads to optimization models that integrate cost objectives with explicit service constraints. 
Accordingly, the transportation and routing literature establishes a systems-oriented conceptualization 
in which transportation cost control depends on the alignment of routing logic, scheduling feasibility, 
and resource deployment within the broader retail distribution network. 
 

Figure 5: Transportation Optimization in Retail Logistics 

The vehicle routing problem literature provides a foundational analytical framework for retail 
transportation cost control, with numerous studies adapting core routing formulations to reflect retail-
specific delivery and service conditions. Retail distribution routing problems commonly incorporate 
time window constraints that reflect store receiving hours, labor availability, and unloading capacity 
limitations (Cattaruzza et al., 2017). The inclusion of time windows transforms routing from a purely 
distance-based problem to a time-sensitive scheduling challenge where feasibility and compliance 
affect both cost and service performance. The literature also examines heterogeneous fleets, recognizing 
that retailers and carriers frequently operate vehicles with different capacities, operating costs, 
temperature requirements, and urban access constraints. Multi-stop deliveries and route bundling 
appear as dominant features in retail routing studies, reflecting the practice of serving multiple stores 
or customer clusters within a single route. These configurations require optimized stop sequencing and 
load planning to balance route length, capacity usage, and service timing. Retail routing research also 
evaluates pickup-and-delivery structures and backhauling opportunities, especially in systems where 
returns, reusable packaging, or vendor pickups are integrated into delivery routes (Chen & Shi, 2019). 
Last-mile distribution introduces further routing variants, including high stop density, small order 
sizes, and strict delivery promise requirements. Studies in this area highlight that last-mile routing 



Journal of Sustainable Development and Policy, April 2026, 73 – 109 
 

85 
 

complexity increases due to fragmented demand, variable travel times, and service time uncertainty at 
delivery points. Retail routing models therefore incorporate operational realism through constraints 
related to maximum route duration, driver shift rules, and congestion-sensitive travel time structures. 
The literature also compares solution methods such as exact optimization, heuristics, and 
metaheuristics, emphasizing computational tractability for large-scale retail routing operations 
(Chiang et al., 2019). Through these adaptations, the routing literature demonstrates that retail 
transportation cost control depends on modeling the right constraint set and selecting appropriate 
solution approaches that generate cost-effective, feasible, and service-compliant routing plans. 
Consolidation strategies and delivery frequency decisions represent major themes in transportation 
cost control literature because they directly influence routing efficiency, vehicle utilization, and system 
stability. Retail distribution involves recurring replenishment cycles, making delivery frequency a 
strategic decision that affects both transportation and inventory costs (Carotenuto et al., 2015). The 
literature shows that higher delivery frequency reduces store inventory and improves responsiveness 
but increases routing complexity and total transportation activity. Lower delivery frequency enables 
route consolidation and fewer dispatches but increases inventory holding and stockout exposure. 
Routing optimization studies address this interaction by evaluating how shipment consolidation affects 
route distance, vehicle count, and on-time performance. Consolidation is examined at multiple levels, 
including combining store orders into larger loads, bundling delivery stops into tours, and aggregating 
flows through distribution centers to increase load factors. Studies consistently identify vehicle capacity 
utilization and stop density as critical determinants of unit transportation cost, demonstrating that 
improved load factors reduce cost per unit delivered even when absolute mileage remains similar (Wen 
& Li, 2016). Fleet utilization research further investigates how routing and scheduling decisions affect 
the productive use of vehicles and drivers, including minimizing idle time, balancing workload across 
shifts, and reducing the number of vehicles required to meet service constraints. Retail routing 
literature also examines the operational consequences of variability, showing that demand fluctuations 
and receiving constraints disrupt consolidation potential and force inefficient routing patterns. Some 
studies frame consolidation decisions within integrated planning contexts, linking routing efficiency to 
upstream ordering and downstream service requirements. Across these analyses, transportation cost 
control emerges as a result of disciplined delivery structuring and resource allocation rather than route 
design alone (Holzapfel et al., 2016). The literature positions consolidation and delivery frequency as 
levers that shape the economic performance of retail transportation networks by influencing routing 
feasibility, load utilization, and schedule stability. 
Integrated Inventory–Transportation Optimization Models 
Integrated inventory–transportation optimization models are widely discussed in the literature as a 
response to the structural interdependence between replenishment decisions and distribution 
execution in retail supply chains (Mosca et al., 2019). Inventory and transportation are often treated as 
distinct operational domains in practice, yet research consistently demonstrates that their cost drivers 
are tightly coupled. Inventory policies determine order timing, shipment size, and replenishment 
frequency, which directly shape routing feasibility, vehicle utilization, and transportation intensity. 
Transportation constraints, in turn, influence the practical cost of inventory policies by determining 
delivery lead times, consolidation opportunities, and capacity limits. The integrated modeling 
literature conceptualizes distribution cost control as a joint problem in which total cost is minimized 
by coordinating inventory replenishment rules with transportation planning decisions. This 
coordination is especially salient in retail environments where service requirements are strict, product 
variety is high, and delivery schedules are repeated at short intervals (Teng et al., 2019). Integrated 
models commonly represent the retail network through multi-echelon structures, where distribution 
centers supply multiple retail outlets, and decisions must synchronize ordering quantities with delivery 
tours. Rather than optimizing inventory independently through reorder rules and then routing 
deliveries afterward, integrated approaches incorporate both decision domains into a single 
optimization framework. The literature frames this as a shift from sequential planning to system-level 
coordination, where the objective function captures both inventory-related costs, such as holding and 
shortage costs, and transportation-related costs, such as vehicle operation and route distance. This 
conceptual integration reflects the view that distribution cost control cannot be fully understood or 
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improved when inventory and transportation are modeled separately, since separate optimization 
often produces decision rules that are locally efficient but globally costly (Moradi & MirHassani, 2015). 
Integrated inventory–transportation modeling therefore occupies a central role in retail distribution 
research because it aligns analytical representation with the operational reality that replenishment and 
distribution execution function as a unified cost system. 

 
Figure 6: Integrated Inventory–Transportation Cost Optimization 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The literature on integrated inventory–transportation optimization includes a wide range of modeling 
structures that explicitly link order quantities with routing and delivery schedules in order to capture 
the combined impact on total distribution cost (Eruguz et al., 2016). These models often incorporate 
inventory decision variables such as order quantities, reorder timing, and safety stock policies 
alongside transportation variables such as route construction, vehicle assignment, and delivery 
frequency. Retail distribution settings frequently motivate these models because they involve repeated 
store deliveries from central depots under capacity and time constraints. Integrated approaches 
examine how replenishment policies interact with routing feasibility, demonstrating that inventory 
decisions influence the number of stops per route, the number of routes needed, and the ability to 
consolidate deliveries. Many studies model delivery scheduling as a function of inventory review 
cycles, where delivery frequency is jointly determined by cost trade-offs across both domains. In such 
formulations, more frequent deliveries lower inventory holding at stores but increase routing 
complexity and vehicle usage, while less frequent deliveries improve consolidation but raise holding 
costs and stockout risk (Díaz-Madroñero et al., 2015). The literature also addresses operational realities 
such as time windows, driver shift limitations, and multi-stop delivery requirements, which constrain 
the set of feasible replenishment plans. Some studies treat the integrated problem as a combined 
decision structure where routing is optimized at the same time as inventory levels are stabilized, 
reducing the mismatch that occurs when routing is solved after inventory decisions are fixed. Others 
develop decomposition or heuristic-based integration methods to handle computational complexity 
while preserving the essential coupling between inventory and routing. Across these approaches, the 
literature provides consistent evidence that integrated modeling improves cost measurement accuracy 
because it evaluates policy performance under realistic transportation execution conditions (Fichtinger 
et al., 2015). This integrated linkage is central to distribution cost control synthesis because it reveals 
that cost outcomes depend on the joint configuration of replenishment and routing decisions rather 
than on either decision category alone. 
A dominant theme across integrated inventory–transportation literature is the trade-off between 
shipment consolidation and inventory holding costs, which is repeatedly identified as a primary 
mechanism shaping total distribution cost in retail supply chains. Consolidation strategies reduce 
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transportation cost by increasing load factors, lowering the number of trips, and improving vehicle 
utilization (Rafie-Majd et al., 2018). However, consolidation typically requires larger shipment sizes 
and longer intervals between replenishments, leading to increased inventory at retail outlets and higher 
holding costs. The literature conceptualizes this trade-off as a structural tension: transportation cost 
efficiency often improves with fewer, larger shipments, while inventory efficiency often improves with 
smaller, more frequent replenishments. Integrated optimization models address this tension by jointly 
selecting delivery frequency, order quantities, and routing patterns that minimize the combined cost 
objective under service constraints. Studies show that the optimal balance depends on network 
geometry, demand variability, service-level strictness, and cost parameter ratios, including 
transportation rates and inventory carrying cost rates. Retail distribution systems intensify the 
consolidation-holding trade-off due to frequent demand shifts and the operational burden of store 
receiving. Larger, less frequent deliveries may strain store handling capacity and backroom space, 
increasing internal handling costs that are often absorbed as part of distribution expense (Manopiniwes 
& Irohara, 2017). More frequent deliveries reduce backroom accumulation but can cause routing 
inefficiency and higher driver labor costs. Integrated models often incorporate service penalties and 
stockout costs, showing that overly aggressive consolidation can increase emergency replenishments 
when demand exceeds forecasts, eroding transportation savings through expediting and unplanned 
route changes. The literature also emphasizes that consolidation decisions interact with product 
assortment characteristics; slow-moving items may tolerate longer replenishment intervals, while high-
velocity products require frequent replenishment to avoid stockouts. This complexity reinforces the 
importance of integrated approaches, as they enable consolidation decisions to be evaluated alongside 
inventory responsiveness requirements (Speranza, 2018). As a result, the literature positions the 
consolidation–holding cost trade-off as a central analytical lens for understanding distribution cost 
control through integrated inventory–transportation optimization. 
A consistent perspective in the literature is that integrated inventory–transportation planning produces 
superior total cost outcomes compared with sequential or siloed decision approaches, particularly in 
retail contexts where operational constraints and service requirements are tightly coupled. Sequential 
planning commonly involves determining inventory replenishment quantities and timing first, then 
constructing transportation routes based on those predetermined shipments (Li et al., 2018). While this 
approach simplifies decision-making, the literature shows that it often produces inefficiencies because 
inventory rules may generate shipment patterns that are costly or infeasible from a routing standpoint. 
Similarly, transportation plans optimized without regard to inventory dynamics may encourage 
consolidation or delivery schedules that increase holding costs or stockout risk. Integrated planning 
addresses these deficiencies by optimizing both domains simultaneously, allowing the model to choose 
replenishment schedules that align with efficient routing structures and to select routing plans that 
support stable inventory positioning. Studies demonstrate that integration reduces total distribution 
cost by preventing mismatches such as frequent small deliveries that inflate transport costs or large 
infrequent shipments that inflate inventory holding and service failure costs. The literature also 
highlights that integrated planning supports system stability by smoothing delivery schedules and 
reducing variability in transportation demand (Onggo et al., 2019). This stability lowers the incidence 
of emergency shipments and reactive routing changes, which are cost-intensive and disruptive in retail 
operations. Integrated approaches are also used to evaluate policy coordination across distribution 
centers and stores, demonstrating that joint planning improves resource utilization such as vehicle 
capacity, driver time, and loading dock throughput. Although integrated models are computationally 
complex, the literature develops solution strategies such as decomposition methods, heuristics, and 
iterative coordination mechanisms that preserve decision coupling while enabling practical scalability 
(Choudhary et al., 2015). Across these methodological streams, the literature advances the conceptual 
argument that integrated inventory–transportation optimization is not merely a modeling preference 
but a necessary condition for accurately capturing and minimizing total distribution cost in retail 
supply chains. 
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Distribution Network Design and Facility Location Strategies 
Distribution network design is conceptualized in the literature as a strategic determinant of long-term 
distribution cost structures in retail supply chains (Boonmee et al., 2017). Network design decisions 
establish the physical and organizational architecture through which goods flow, shaping 
transportation distances, inventory positioning, facility utilization, and service responsiveness. Unlike 
operational decisions that adjust short-term activities, network design choices such as the number, 
location, and capacity of facilities exert persistent influence over distribution costs. The literature 
frames network design as a trade-off between fixed infrastructure costs and variable logistics expenses. 
Fixed costs arise from facility construction, leasing, equipment investment, and staffing, while variable 
costs include transportation, inventory holding, and handling. Retail supply chains, characterized by 
geographically dispersed demand points and frequent replenishment cycles, are particularly sensitive 
to these trade-offs. Facility location models provide analytical tools for evaluating alternative network 
configurations by minimizing total cost subject to demand fulfillment and service constraints (Heragu, 
2018). These models capture how facility placement affects delivery distances, replenishment 
frequency, and safety stock requirements. The literature also emphasizes that network design interacts 
with operational policies, meaning that strategic decisions constrain and enable subsequent inventory 
and transportation optimization. Poorly designed networks create structural inefficiencies that cannot 
be fully corrected through routing or inventory adjustments alone. As a result, distribution cost control 
literature positions network design as a foundational layer upon which other optimization strategies 
operate (Tofighi et al., 2016). This conceptual framing underscores the importance of analyzing facility 
location and network structure as integral components of distribution cost control rather than as 
isolated strategic exercises. 
 

Figure 7: Retail Distribution Network Design Framework 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Cross-Docking and Transshipment-Based Cost Control Approaches 
Cross-docking and transshipment-based approaches are consistently examined in the logistics 
optimization literature as structural mechanisms for controlling distribution costs through reductions 
in inventory holding, storage time, and handling intensity. In retail distribution systems, these 
approaches are framed as alternatives to conventional warehousing models in which products are 
stored for extended periods before outbound distribution (Kellar et al., 2016). Cross-docking 
emphasizes rapid transfer of goods from inbound to outbound flows with minimal or no storage, while 
transshipment enables inventory movement between facilities or retail outlets to rebalance stock and 
reduce shortages. The literature conceptualizes both strategies as flow-oriented cost control 
mechanisms that reduce dwell time, limit storage space requirements, and decrease repeated handling 
touches. These cost reductions are particularly relevant in retail contexts where product velocity is high, 
demand variability is frequent, and service expectations require continuous replenishment. Cross-
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docking is often analyzed as a configuration that shifts cost trade-offs away from inventory carrying 
and toward coordination, as the operational emphasis becomes synchronization of inbound and 
outbound schedules and maintenance of continuous throughput (Khorshidian et al., 2019). 
Transshipment-based strategies are similarly framed as cost control mechanisms by reducing lost sales 
and emergency replenishment costs through lateral inventory balancing rather than relying solely on 
upstream replenishment. The literature highlights that both strategies require sophisticated planning, 
because poorly synchronized operations can generate congestion, missed connections, and increased 
transportation inefficiency. In retail distribution research, cross-docking and transshipment are 
therefore not treated as purely physical logistics concepts but as optimization-driven approaches that 
depend on precise scheduling and network coordination (Zijm et al., 2018). By examining these 
mechanisms through mathematical modeling and computational evaluation, the literature provides a 
basis for understanding how flow-through operations can control cost while maintaining service 
performance within complex retail distribution networks. 
A dominant emphasis in cross-docking literature is the central role of synchronization and scheduling 
complexity in determining whether cross-docking achieves meaningful distribution cost control. 
Because cross-docking operations rely on rapid transfer rather than storage, inbound arrival timing, 
unloading capacity, sorting processes, and outbound departure schedules must be tightly coordinated. 
The literature models cross-docking terminals as systems where docks, doors, staging space, and labor 
resources impose constraints that shape feasible transfer plans (Notteboom et al., 2017). Scheduling 
problems in cross-docking typically involve sequencing inbound and outbound trucks, assigning dock 
doors, coordinating transfer batches, and ensuring that outbound vehicles depart with complete loads 
aligned to delivery routes. These requirements introduce operational complexity that differs from 
traditional warehousing, where storage buffers provide flexibility. Cross-docking reduces storage cost 
but increases dependency on precise timing, making the system sensitive to variability in arrivals, 
processing times, and demand signals (Ross, 2015c). Optimization studies examine how scheduling 
policies influence congestion, handling workload, and throughput efficiency, demonstrating that 
coordination failures can generate delays that negate holding cost savings through increased labor time 
and missed outbound connections. The literature also highlights the importance of load planning in 
cross-docking, where decision rules determine which inbound goods are assigned to which outbound 
vehicles and in what sequence. This planning influences both terminal efficiency and downstream 
transportation outcomes. Retail applications intensify these issues because inbound shipments often 
contain mixed assortments destined for multiple stores, increasing sorting and consolidation 
requirements within short time windows. As a result, cross-docking cost control depends on 
scheduling models that align facility operations with transportation routing plans (Makarova et al., 
2019). The literature frames synchronization not as a secondary detail but as the primary condition 
under which cross-docking delivers cost advantages, reinforcing that cross-docking is fundamentally 
an optimization-driven operational structure rather than a simple facility design choice. 
Cross-docking and transshipment strategies are repeatedly analyzed in relation to transportation 
efficiency because both approaches alter routing structures, vehicle utilization, and delivery scheduling 
within retail distribution networks. Cross-docking can improve transportation efficiency by enabling 
consolidation of inbound flows into optimized outbound loads, increasing vehicle load factors and 
reducing partial shipments (Hübner et al., 2019). However, this transportation benefit depends on 
successful synchronization, since delays at cross-dock terminals can disrupt planned routes and reduce 
on-time performance. Optimization studies examine the interdependence between cross-docking 
schedules and vehicle routing, showing that outbound routing plans must reflect realistic terminal 
processing times and departure windows. Transshipment, particularly lateral transshipment among 
retail outlets or between facilities, is examined as a mechanism for improving distribution cost 
efficiency through rebalancing inventory without relying on upstream replenishment. The literature 
shows that transshipment reduces stockouts and lost sales while lowering emergency shipment needs, 
thereby controlling both service penalty costs and expedited transportation expenses. In retail 
networks, transshipment decisions affect transportation efficiency because they introduce additional 
movements that must be justified against their cost savings from avoided shortages (Martel & Klibi, 
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2016b).  
Figure 8: Cross-Docking and Transshipment Optimization 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Studies model transshipment as a decision problem involving which nodes should send inventory, 
which should receive it, what quantities should be transferred, and when transfers should occur. These 
decisions are influenced by transportation costs, inventory holding costs, and service-level penalties. 
The literature also emphasizes that transshipment is particularly effective when demand variability is 
high and lead times from upstream suppliers are long or uncertain. Retail-specific research highlights 
that transshipment can stabilize distribution operations by smoothing shortages across locations, 
reducing distribution volatility and enabling more predictable replenishment patterns (Martel & Klibi, 
2016a). Both cross-docking and transshipment are therefore connected to transportation efficiency 
through their influence on consolidation, routing feasibility, and responsiveness. The literature treats 
these approaches as network-level cost control mechanisms that alter the structure of transportation 
flows rather than simply reducing facility costs in isolation. 
Retail-focused studies place particular emphasis on grocery and other high-frequency distribution 
systems because these environments amplify the relevance of cross-docking and transshipment for cost 
control. Grocery retail distribution often involves perishable goods, time-sensitive replenishment, and 
frequent store deliveries, creating strong incentives to minimize inventory holding time and reduce 
waste-related costs (Ross, 2015a). Cross-docking is conceptually aligned with these requirements 
because it reduces dwell time and supports rapid throughput, which is critical for perishables and fast-
moving consumer goods. The literature examines how cross-docking enables frequent replenishment 
without requiring large inventory buffers, thereby controlling holding costs and reducing spoilage risk 
while maintaining product freshness. High-frequency distribution systems also benefit from cross-
docking because repeated delivery cycles create stable operational rhythms that can support 
synchronized inbound-outbound scheduling. At the same time, the literature highlights that grocery 
distribution increases complexity due to mixed temperature requirements, high SKU counts, and strict 
receiving windows at stores, all of which must be incorporated into optimization models (Ross, 2015b). 
Transshipment is similarly emphasized in retail contexts where demand variability is high and 
availability is a competitive priority. For grocery and fast-moving assortments, transshipment supports 
rapid rebalancing of inventory across stores or facilities, reducing lost sales and minimizing the need 
for urgent replenishment from upstream nodes. Studies examine how transshipment decisions interact 
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with shelf-life constraints, substitution behavior, and store-level capacity limits. The retail literature 
therefore frames cross-docking and transshipment as cost control approaches that are particularly 
relevant when distribution frequency is high, product velocity is rapid, and service expectations are 
strict (Wikner et al., 2017). By modeling these environments, logistics optimization research provides 
evidence on how flow-through facility designs and lateral inventory movements operate as systematic 
mechanisms for controlling distribution costs within demanding retail distribution systems. 
Coordination and Information Alignment Strategies 
Coordination and information alignment are conceptualized in the literature as foundational 
mechanisms for controlling distribution costs in retail supply chains because distribution activities span 
multiple organizational and operational boundaries. Retail distribution systems involve interactions 
among suppliers, distribution centers, transportation providers, and retail outlets, each with distinct 
objectives, constraints, and decision rules (Cui et al., 2015). The literature consistently emphasizes that 
distribution costs emerge not only from physical movements of goods but also from the degree of 
synchronization among these actors. Poor coordination leads to fragmented decision-making, where 
local optimization efforts generate system-wide inefficiencies such as excess inventory, underutilized 
transportation capacity, and service failures. Coordination-oriented studies frame distribution cost 
control as a problem of aligning information flows, decision timing, and operational policies across the 
supply chain. This alignment enables more accurate planning, smoother material flows, and reduced 
need for reactive logistics responses. Retail environments intensify the importance of coordination due 
to frequent replenishment cycles, promotional demand spikes, and high service-level expectations 
(Espinosa & Armour, 2016). The literature highlights that coordinated planning reduces redundancy in 
safety stock, stabilizes delivery schedules, and improves utilization of shared resources such as vehicles 
and loading docks. Rather than treating coordination as a managerial soft factor, operations research 
models formalize coordination through shared information structures, joint decision variables, and 
integrated objective functions. These models demonstrate that coordinated systems achieve lower total 
distribution costs by internalizing externalities that arise when decisions are made independently (Matt 
et al., 2015). As a result, coordination is positioned in the literature as a structural cost control strategy 
that shapes how inventory, transportation, and service decisions interact across the retail supply chain. 
 

Figure 9: Coordination and Information Alignment Framework 

Information sharing occupies a central role in coordination-focused literature because accurate and 
timely information is a prerequisite for effective distribution cost control. Retail supply chains rely on 
demand signals to trigger replenishment, schedule deliveries, and allocate inventory across locations. 
The literature shows that when demand information is distorted, delayed, or aggregated, 
replenishment decisions become misaligned with actual consumption, leading to volatility in orders 
and distribution flows (Kouroubali & Katehakis, 2019). This volatility increases distribution costs by 
forcing frequent plan revisions, inefficient routing, and emergency shipments. Information sharing 
strategies aim to improve demand signal quality by enabling upstream and downstream partners to 
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access point-of-sale data, inventory levels, and replenishment plans. Studies demonstrate that 
enhanced visibility reduces uncertainty in ordering decisions and supports more stable shipment 
patterns. Stable patterns improve transportation efficiency by enabling better route planning, 
consolidation, and vehicle utilization. Information alignment also reduces the need for excessive safety 
stock, lowering inventory holding and handling costs. In retail contexts, information sharing is 
particularly relevant due to high transaction volumes and frequent demand fluctuations caused by 
promotions and seasonality. The literature emphasizes that shared information allows supply chain 
partners to anticipate changes rather than react to them, reducing costly firefighting activities (Heilig 
et al., 2017). Operations research models incorporate information sharing by replacing order-based 
signals with demand-based or inventory-based inputs, demonstrating quantifiable reductions in total 
distribution cost under coordinated information regimes. These studies treat information as a decision-
enabling resource that directly influences cost performance rather than as a passive data artifact. 
Through this lens, information alignment is framed as a measurable and controllable driver of 
distribution cost efficiency in retail supply chains (Sirisomboonsuk et al., 2018). 
Replenishment synchronization and policy alignment are extensively examined in the literature as 
coordination mechanisms that directly affect distribution cost structures in retail networks. 
Replenishment decisions determine when and how much inventory is moved through the distribution 
system, shaping transportation frequency, shipment size, and handling workload. When 
replenishment policies differ across supply chain stages, misalignment occurs, resulting in order 
batching, capacity mismatches, and inefficient delivery schedules (Yeow et al., 2018). The literature 
frames replenishment synchronization as the alignment of review periods, order cycles, and delivery 
schedules across suppliers, distribution centers, and retail outlets. Synchronized replenishment enables 
smoother material flows and reduces variability in transportation demand. Policy alignment extends 
beyond timing to include consistency in service-level targets, safety stock rules, and lot-sizing practices. 
Retail-focused studies show that misaligned service objectives create conflicting priorities, where 
upstream actors prioritize efficiency while downstream actors prioritize responsiveness, increasing 
overall distribution costs (Cassidy, 2016). Coordination-oriented optimization models demonstrate that 
aligning policies across stages reduces total system cost even when individual nodes appear to sacrifice 
local optimality. These models capture how synchronized replenishment improves consolidation 
opportunities, stabilizes routing plans, and reduces the frequency of emergency shipments. Retail 
distribution systems benefit from synchronization because they operate on recurring delivery rhythms 
that can be optimized when policies are harmonized. The literature also addresses the operational 
challenges of achieving synchronization, such as differing lead times, capacity constraints, and 
organizational boundaries (Rahimi et al., 2016). Nevertheless, the conceptual emphasis remains that 
replenishment synchronization and policy alignment function as systemic cost control levers that shape 
distribution efficiency across the entire retail supply chain. 
The literature provides extensive analysis of how coordination failures increase distribution costs 
through variability amplification and inefficient logistics responses (Andreoni & Chang, 2019). 
Variability amplification occurs when small fluctuations in consumer demand generate increasingly 
large fluctuations in orders, inventory levels, and transportation requirements as information moves 
upstream. This phenomenon leads to unstable distribution systems characterized by order batching, 
irregular shipment patterns, and fluctuating capacity utilization. Retail distribution systems are 
particularly susceptible to variability amplification due to frequent promotions, demand seasonality, 
and short product life cycles (Gerow et al., 2015). Coordination failures exacerbate these effects by 
preventing supply chain partners from responding to demand changes in a consistent and aligned 
manner. The literature documents that amplified variability increases distribution costs by forcing 
firms to maintain excess capacity, hold additional safety stock, and rely on expedited transportation to 
recover from service disruptions. Inefficient logistics responses such as rerouting vehicles, rescheduling 
deliveries, and deploying additional resources contribute to higher operating costs and reduced system 
efficiency (Lee & Fernando, 2015). Operations research models formalize these dynamics by linking 
coordination quality to variance measures and cost outcomes, showing that improved coordination 
dampens variability and stabilizes flows. Retail-focused studies highlight that coordination failures 
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also increase indirect costs, including labor inefficiencies, congestion at facilities, and reduced service 
reliability. By modeling these cost pathways, the literature establishes a clear relationship between 
coordination quality and distribution cost performance. Coordination failures are therefore 
conceptualized not merely as organizational problems but as quantifiable sources of economic 
inefficiency within retail distribution systems (Huo et al., 2015). This perspective reinforces the role of 
coordination and information alignment as essential components of distribution cost control strategies 
grounded in logistics optimization research. 
Modeling and Robust Distribution Cost Control 
Uncertainty modeling is treated in the retail supply chain literature as a core analytical requirement for 
understanding distribution cost behavior because retail distribution systems operate under persistent 
variability in demand, lead times, and operational execution (Christakou et al., 2017). Distribution costs 
become unstable when planning assumptions differ from realized conditions, generating deviations 
that require corrective actions such as expedited shipments, emergency replenishment, rerouting, and 
the deployment of additional capacity. The literature consistently conceptualizes demand uncertainty 
as a dominant source of variability, stemming from promotional effects, seasonality, assortment 
changes, and short product life cycles. Lead-time variability further amplifies these uncertainties by 
creating unpredictable replenishment arrival patterns, which complicate safety stock planning and 
delivery scheduling. Transportation disruptions, including congestion, vehicle breakdowns, and route 
variability, create additional uncertainty that directly affects service reliability and cost. In this body of 
work, uncertainty is not framed as an occasional disturbance but as an embedded structural 
characteristic of retail distribution operations (Xiong et al., 2016). As a result, distribution cost control 
strategies are evaluated not only by their performance under ideal assumptions but also by their ability 
to produce stable outcomes under fluctuating conditions. The literature emphasizes that traditional 
deterministic optimization often underestimates total distribution cost when uncertainty is ignored, 
because it yields plans that are efficient in expectation but fragile in execution. Fragility manifests 
through infeasible schedules, increased stockouts, overloaded routes, and elevated service penalties, 
all of which raise cost. In contrast, uncertainty-aware models treat variability as a formal component of 
the decision environment, integrating it into objective functions, constraints, and performance 
evaluation criteria (Dong et al., 2019). Retail distribution studies therefore position uncertainty 
modeling as essential for cost control because it captures the real economic drivers of emergency 
logistics and buffer costs. This conceptual framing establishes uncertainty treatment as a central 
methodological dimension in distribution cost control research and provides the basis for comparing 
stochastic and robust optimization approaches within a systematic synthesis. 
 

Figure 10: Uncertainty Modeling in Retail Distribution 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



Journal of Sustainable Development and Policy, April 2026, 73 – 109 
 

94 
 

Stochastic optimization constitutes a major stream of research in uncertainty-aware distribution cost 
control, with studies modeling demand, lead time, and transportation variability as random variables 
governed by probability distributions (Xie et al., 2017). The literature demonstrates that stochastic 
models enable cost control by optimizing decisions based on expected cost outcomes while explicitly 
accounting for risk through probabilistic constraints or penalty structures. In retail contexts, stochastic 
inventory models incorporate uncertain demand and lead times to determine safety stock levels, 
reorder points, and replenishment quantities that minimize expected total cost, including holding, 
shortage, and ordering costs. Stochastic transportation models similarly incorporate uncertain travel 
times and service durations, enabling routing and scheduling decisions that reduce the likelihood of 
delivery failures. Many studies integrate stochastic elements into multi-stage decision frameworks, 
distinguishing between decisions made before uncertainty is realized and adjustments made after 
outcomes are observed. This approach reflects the operational reality of retail distribution, where initial 
plans are set using forecasts and later adapted to realized demand and execution conditions. The 
literature highlights that stochastic optimization supports distribution cost control by reducing the 
frequency and severity of costly reactive actions such as expedited transportation or emergency 
inventory transfers (Zhang et al., 2018). It also emphasizes that stochastic models produce different 
policy recommendations than deterministic models because they recognize that minimizing expected 
cost alone may yield high variance in outcomes if risk is not controlled. Consequently, stochastic studies 
frequently incorporate service-level probability requirements, ensuring that fulfillment and delivery 
constraints are satisfied with specified confidence. This probabilistic framing is especially prominent 
in retail distribution where service reliability is economically significant and tightly linked to customer 
satisfaction and lost sales. Stochastic optimization studies report cost outcomes such as reductions in 
expected total cost, improved service compliance rates, and decreased reliance on expediting. At the 
same time, the literature recognizes that stochastic modeling requires credible distributional 
assumptions and sufficient data to estimate uncertainty parameters (Talaei et al., 2016). This 
methodological dependence influences reported cost performance and contributes to heterogeneity 
across studies, making systematic synthesis valuable for understanding patterns in cost outcomes 
associated with stochastic approaches. 
METHODS 
PRISMA-Based Planning and Protocol Setup 
This systematic review and meta-analysis was structured according to the Preferred Reporting Items 
for Systematic Reviews and Meta-Analyses (PRISMA) guidelines to ensure that every stage of evidence 
identification, screening, eligibility assessment, and synthesis was traceable and methodologically 
transparent. Before searching, the review scope was defined around distribution cost control strategies 
in retail supply chains, specifically strategies evaluated through operations research and logistics 
optimization approaches. The review objectives, inclusion criteria, exclusion criteria, and outcome 
definitions were specified in advance to reduce selection bias and to maintain consistency across 
decisions made during screening and data extraction. 
Identification of Records 
A comprehensive search was conducted across major scholarly databases and indexing platforms 
commonly used for operations research, logistics, and supply chain management research. Search 
strings combined retail-related terms with distribution cost control concepts and optimization-related 
terms to capture studies addressing inventory optimization, vehicle routing, distribution network 
design, cross-docking, transshipment, coordination, and uncertainty modeling where cost outcomes 
were reported. The identification stage produced 1,284 records. After removing 312 duplicate records, 
the review retained 972 unique records for the next stage. This step ensured that the screening pool 
reflected distinct studies rather than repeated database entries. 
Screening of Titles and Abstracts 
The screening stage involved evaluating the titles and abstracts of the 972 records to determine whether 
they aligned with the topic boundaries and methodological expectations of the review. Studies were 
excluded at this stage if they did not address retail distribution, did not evaluate distribution cost or 
closely related cost outcomes, or did not use an operations research or logistics optimization approach. 
Studies that focused only on manufacturing production optimization without downstream distribution 
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relevance, purely conceptual discussions without quantitative evaluation, and sector-specific studies 
outside retail (unless clearly transferable to retail distribution contexts) were also excluded. Following 
this screening, 741 records were removed as not meeting the relevance requirements, leaving 231 
articles to proceed to full-text eligibility assessment. 
Eligibility Assessment Through Full-Text Review 
Full texts were obtained and assessed for 231 articles using predefined eligibility criteria aligned with 
PRISMA. To be included, a study needed to present a quantitative modeling or optimization-based 
evaluation relevant to retail distribution cost control, clearly define decision variables related to 
distribution (such as replenishment quantities, delivery frequencies, facility assignments, routing 
schedules, cross-docking flows, or transshipment quantities), and report measurable cost outcomes or 
cost-based performance measures. During full-text review, 148 articles were excluded because they 
lacked extractable cost outcomes, did not focus on retail distribution decisions, presented insufficient 
methodological detail to support synthesis, or reported results in forms that could not be standardized 
for comparison. After eligibility assessment, 83 studies satisfied all criteria and were included in the 
systematic review. 
 

Figure 11: Methodology of this study 
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Final Inclusion for Meta-Analysis 
Although 83 studies met the requirements for inclusion in the systematic review, not all of them 
reported results in a manner suitable for quantitative pooling. A meta-analysis required comparable 
cost outcomes, sufficiently defined baselines, and extractable effect information that could be 
transformed into a common metric. After assessing outcome comparability, reporting completeness, 
and the ability to harmonize cost measures across different modeling settings, 54 studies were retained 
for meta-analytic synthesis. The remaining 29 studies stayed in the narrative synthesis because they 
contributed conceptual and methodological evidence but did not provide compatible quantitative data 
for aggregation. 
Data Extraction and Coding of Study Characteristics 
A structured extraction approach was applied to the 83 included studies to ensure consistency and to 
support both narrative synthesis and meta-analysis. Each study was coded for retail context 
characteristics, distribution setting (store replenishment, e-commerce fulfillment, mixed omnichannel 
operations), decision scope (inventory-only, routing-only, integrated inventory–routing, network 
design, cross-docking, transshipment, coordination mechanisms, uncertainty-aware models), and the 
type of cost structure used (total distribution cost versus component-based cost reporting). Cost 
outcomes were extracted in the most standardized form available, including total cost changes, 
percentage reductions relative to baseline, cost per unit delivered, or total system objective values 
under comparable service constraints. Where studies reported multiple scenarios, scenario results were 
extracted with careful attention to maintaining consistent baselines and avoiding double-counting of 
dependent comparisons. 
Meta-Analytic Model and Handling of Heterogeneity 
A random-effects meta-analytic approach was applied to the 54 studies included in quantitative 
synthesis to account for heterogeneity arising from differences in network sizes, demand conditions, 
constraint structures, and modeling assumptions. Because optimization studies vary in how they 
model service levels, lead-time assumptions, and uncertainty treatment, between-study variation was 
treated as expected rather than exceptional. The random-effects approach allowed the pooled estimates 
to reflect both within-study variance and across-study variability, supporting interpretation across 
diverse retail distribution contexts. Subgroup synthesis was organized around strategy categories, 
enabling comparison of cost effects across inventory optimization, routing and transportation 
planning, integrated inventory–transportation approaches, network design, cross-docking and 
transshipment, coordination mechanisms, and uncertainty-aware modeling approaches, while 
maintaining alignment with PRISMA’s emphasis on transparent reporting of decisions and evidence 
flow. 
PRISMA Documentation and Traceability of the Evidence Flow 
Throughout the process, PRISMA flow tracking was maintained so the pathway from identification to 
inclusion remained explicit and auditable. The final documented flow consisted of 1,284 records 
identified, 312 duplicates removed, 972 records screened, 231 full texts assessed, 83 studies included in 
the systematic review, and 54 studies included in the meta-analysis. This PRISMA-consistent structure 
ensured that the evidence base for distribution cost control strategies in retail supply chains was 
assembled using a systematic, rigorous, and transparent process grounded in operations research and 
logistics optimization study designs. 
FINDINGS 
One of the most significant findings of this systematic review and meta-analysis is the consistent and 
substantial effectiveness of optimization-based distribution cost control strategies across retail supply 
chains. Out of the 83 studies included in the systematic review and the 54 studies included in the meta-
analysis, the overwhelming majority reported measurable reductions in total distribution cost when 
analytical optimization approaches were applied. These studies collectively represent a mature and 
highly cited body of literature, with the reviewed articles accumulating more than 18,000 citations, 
indicating strong scholarly validation and methodological influence. Across inventory optimization, 
transportation routing, integrated planning, network design, coordination mechanisms, and 
uncertainty-aware models, cost reductions were not isolated or marginal but systematic and repeatable 
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across diverse retail contexts. The meta-analytic synthesis revealed that distribution cost control 
strategies grounded in operations research consistently outperformed baseline or non-optimized 
decision structures, particularly when evaluated under comparable service constraints. The evidence 
demonstrates that cost control was achieved not by eliminating single cost components but by 
restructuring decision-making processes to account for interdependencies across the distribution 
system. Studies repeatedly showed that total distribution cost reductions emerged from coordinated 
improvements in inventory placement, routing efficiency, and network utilization rather than from 
localized cost cutting. The breadth of the evidence, spanning grocery, apparel, general merchandise, 
and omnichannel retail systems, reinforces the robustness of these findings. Importantly, the large 
citation volume associated with these studies reflects sustained academic and practical relevance, 
suggesting that the observed cost control effects are not context-specific anomalies but reflect broadly 
applicable principles of logistics optimization. The findings collectively establish that optimization-
based strategies constitute a reliable and empirically supported foundation for distribution cost control 
in retail supply chains. 
A second major finding concerns the dominant role of inventory optimization in controlling 
distribution costs, particularly through its indirect influence on transportation frequency, emergency 
shipments, and handling intensity. Among the reviewed literature, 46 of the 83 studies explicitly 
examined inventory-related decision variables, and 31 of these were included in the meta-analysis due 
to their reporting of comparable cost outcomes. These inventory-focused studies alone account for 
more than 9,500 citations, underscoring their centrality within the distribution cost control literature. 
The synthesis revealed that well-structured inventory policies consistently reduced total distribution 
costs by stabilizing replenishment cycles and reducing variability-driven logistics responses. Studies 
demonstrated that optimized safety stock positioning and coordinated replenishment schedules 
lowered both inventory holding costs and downstream transportation costs by reducing shipment 
volatility. A particularly strong finding across the literature is that inventory optimization yielded cost 
savings even when holding costs increased slightly, because reductions in emergency shipments, 
expedited transportation, and service penalties more than offset these increases. Multi-echelon 
inventory models were especially effective, with studies showing that coordinated inventory decisions 
across distribution centers and retail outlets produced lower total costs than isolated single-echelon 
approaches. The meta-analysis confirmed that inventory optimization effects were robust across 
demand environments, product categories, and network structures. The consistency of findings across 
a large and highly cited evidence base supports the conclusion that inventory optimization is not 
merely an internal warehouse efficiency tool but a primary driver of system-wide distribution cost 
control in retail supply chains. 
Transportation and vehicle routing optimization emerged as another high-impact distribution cost 
control strategy, supported by strong empirical consistency and extensive scholarly validation. A total 
of 52 reviewed studies examined transportation-related decision structures, with 34 studies included 
in the meta-analysis due to their detailed reporting of cost outcomes. These studies collectively account 
for approximately 11,200 citations, reflecting the long-standing prominence of routing optimization 
within operations research and logistics scholarship. The findings demonstrate that optimized routing 
and scheduling significantly reduced total transportation cost while also improving vehicle utilization 
and delivery reliability. Across retail contexts, routing optimization consistently lowered distance 
traveled, reduced fleet size requirements, and improved consolidation without violating service 
constraints. The synthesis revealed that cost savings were especially pronounced in multi-stop delivery 
systems and high-frequency retail distribution environments. Importantly, the findings show that 
transportation optimization effects were magnified when routing decisions were aligned with 
replenishment cycles and delivery frequency policies. Studies also indicated that service reliability 
constraints did not eliminate cost savings but instead reshaped routing structures toward more stable 
and predictable delivery patterns. The meta-analytic results confirmed that routing optimization 
produced statistically significant reductions in total distribution cost even when service windows were 
tight and delivery schedules were constrained. The breadth of evidence and the substantial citation 
base provide strong support for transportation optimization as a cornerstone of distribution cost 
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control strategies in retail supply chains. 
 

Figure 12: Key Findings in Distribution Optimization 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
One of the most compelling findings of this review is the clear superiority of integrated planning 
approaches over sequential or siloed decision-making structures. Among the reviewed studies, 39 
explicitly examined integrated inventory–transportation or network-level optimization, with 26 studies 
meeting the criteria for meta-analysis. These integrated-planning studies collectively received more 
than 8,300 citations, reflecting growing scholarly recognition of their value. The synthesis revealed that 
integrated models consistently achieved lower total distribution costs than models optimizing 
inventory or transportation independently. This cost advantage was primarily driven by improved 
alignment between shipment quantities, delivery schedules, and routing feasibility. Integrated 
planning reduced inefficiencies such as frequent small shipments, underutilized vehicles, and excessive 
safety stock. Network-level integration further amplified these benefits by aligning facility location, 
assignment decisions, and flow structures with operational policies. The meta-analysis demonstrated 
that integrated strategies were particularly effective in complex retail networks characterized by high 
demand variability, dense store networks, and omnichannel fulfillment requirements. These findings 
show that distribution cost control is fundamentally a system-design problem rather than a collection 
of independent operational optimizations. The consistency of integrated planning benefits across a 
highly cited set of studies provides strong evidence that coordination across decision domains is a 
critical determinant of cost efficiency in retail distribution systems. 
The final major finding highlights the critical role of coordination mechanisms and uncertainty-aware 
modeling in stabilizing distribution costs under real-world operating conditions. A total of 44 reviewed 
studies addressed coordination, information sharing, or uncertainty modeling, with 28 studies 
included in the meta-analysis. These studies collectively accumulated more than 7,800 citations, 
indicating strong academic engagement with variability-driven cost challenges. The synthesis revealed 
that coordination failures significantly increased distribution costs through demand amplification, 
shipment volatility, and inefficient logistics responses. In contrast, studies incorporating information 
alignment, synchronized replenishment, and shared decision rules consistently reported lower total 
costs and reduced reliance on emergency logistics actions. Uncertainty-aware models, including 
stochastic and robust optimization approaches, were particularly effective at controlling cost variability 
rather than merely reducing average cost. The findings show that while uncertainty-aware strategies 
sometimes increased planned buffer costs, they substantially reduced unplanned expenses such as 
expedited transportation, stockout penalties, and rescheduling costs. The meta-analysis confirmed that 
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these approaches produced more stable cost outcomes across demand and lead-time conditions. The 
combined evidence demonstrates that effective distribution cost control in retail supply chains depends 
not only on efficiency-oriented optimization but also on the ability to manage variability through 
coordination and robustness. The strength and consistency of findings across a large and well-cited 
body of literature establish uncertainty-aware and coordination-focused strategies as essential 
components of sustainable distribution cost control frameworks. 
DISCUSSION 
The findings of this systematic review and meta-analysis align strongly with earlier operations research 
and logistics optimization studies that conceptualize distribution cost control as a system-wide 
optimization challenge rather than a series of isolated cost-reduction actions. Previous research has 
long suggested that retail distribution costs are driven by interdependencies among inventory, 
transportation, facility structure, and coordination policies (Yu et al., 2015). The current study reinforces 
and extends this understanding by demonstrating, through aggregated evidence, that optimization-
based strategies consistently reduce total distribution cost across diverse retail contexts. Compared 
with earlier individual studies that reported localized or context-specific cost savings, the present 
synthesis shows that these cost reductions persist across different network scales, demand conditions, 
and retail formats when evaluated collectively. Earlier studies often focused on specific optimization 
domains, such as routing or inventory control, whereas the current findings indicate that meaningful 
cost control emerges most reliably when strategies are embedded within integrated decision 
frameworks. This confirms prior analytical insights that local efficiency gains do not necessarily 
translate into global cost improvements (Soheilirad et al., 2018). The meta-analytic results further clarify 
that the magnitude of cost reduction observed in earlier studies was not overstated or idiosyncratic but 
representative of a broader and replicable pattern. In contrast to earlier narrative reviews that described 
optimization benefits qualitatively, the present study quantitatively consolidates these outcomes, 
offering stronger empirical confirmation. The findings therefore strengthen the theoretical position 
advanced in earlier research that distribution cost control effectiveness depends on coordinated 
optimization rather than managerial discretion alone. By aggregating evidence across a large body of 
studies, this discussion confirms that the foundational assumptions of earlier logistics optimization 
research remain valid when examined at scale, while also revealing greater consistency and robustness 
in cost outcomes than previously demonstrated through individual studies (Patel & Desai, 2019). 
The strong influence of inventory optimization on distribution cost control identified in this study is 
consistent with earlier analytical and empirical research that highlighted inventory decisions as a 
primary driver of logistics cost behavior (Ataseven & Nair, 2017). Earlier studies emphasized inventory 
holding costs and stockout penalties as dominant performance metrics, often treating transportation 
impacts as secondary effects. The current findings extend this understanding by demonstrating that 
inventory optimization exerts a substantial indirect influence on transportation efficiency, handling 
workload, and emergency logistics costs. This confirms earlier conceptual arguments that inventory 
policies shape shipment patterns and delivery frequency, but it also reveals that prior studies may have 
underestimated the full system-wide cost implications of inventory decisions. Multi-echelon inventory 
models examined in earlier research were frequently justified on the basis of risk pooling and service 
improvement; the present synthesis shows that their cost control benefits are equally significant and 
consistent across retail contexts (Mardani et al., 2017). Compared with earlier studies that reported 
mixed results regarding centralized versus decentralized inventory placement, the current findings 
indicate that cost outcomes depend less on structural form and more on coordination quality and 
replenishment synchronization. The discussion also highlights that earlier research often examined 
inventory accuracy as an operational issue rather than a strategic cost driver. In contrast, the current 
findings demonstrate that inventory record discrepancies systematically increase distribution costs 
through volatility and corrective logistics actions. This reframing aligns inventory accuracy more 
closely with cost control objectives than earlier literature explicitly acknowledged (Hochrein et al., 
2015). Overall, the comparison suggests that while earlier studies correctly identified inventory 
optimization as important, the present meta-analysis provides stronger and more comprehensive 
evidence of its central role in controlling total distribution cost within retail supply chains. 
Transportation and routing optimization findings from this study are broadly consistent with earlier 
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operations research literature that identified routing efficiency as a key contributor to distribution cost 
reduction. Previous studies often reported substantial savings from vehicle routing improvements, 
particularly in multi-stop delivery systems (Chen et al., 2015). The current synthesis confirms these 
findings at a broader scale, demonstrating that routing optimization produces consistent cost 
reductions across retail formats and delivery structures. Earlier studies sometimes emphasized distance 
minimization as the primary objective, whereas the present findings suggest that transportation cost 
control is more strongly associated with route stability, consolidation effectiveness, and service 
feasibility. This aligns with earlier critiques that distance-based optimization alone fails to capture real-
world cost drivers such as labor time, vehicle utilization, and delivery window compliance. The meta-
analytic results indicate that routing strategies incorporating service constraints do not diminish cost 
savings but instead reshape them toward more predictable and operationally feasible delivery patterns 
(Brandenburg et al., 2019). Compared with earlier research that treated service reliability as a constraint 
that limited cost efficiency, the current findings suggest that reliability-oriented routing often reduces 
total distribution cost by avoiding penalties and corrective actions. The discussion also reveals that 
earlier routing studies tended to examine transportation in isolation, while the present synthesis shows 
that transportation cost control is significantly enhanced when routing decisions are aligned with 
replenishment and inventory policies. This comparison underscores the evolution of routing research 
from standalone optimization toward integrated logistics planning, validating earlier theoretical 
arguments while providing stronger empirical support for their practical relevance (de Almeida et al., 
2015). 
 

Figure 13: Systematic Review Discussion Framework 

One of the most significant contributions of this study is the clear empirical support for integrated 
inventory–transportation and network-level planning, which builds upon but also clarifies earlier 
research findings. Earlier studies frequently argued that integrated planning should outperform 
sequential decision-making, but evidence was often limited to case-specific models or small-scale 
experiments (Pérez-Pérez et al., 2019). The present synthesis demonstrates that integrated approaches 
consistently achieve lower total distribution costs across a wide range of retail contexts. This finding 
confirms earlier theoretical expectations that siloed planning introduces inefficiencies due to 
misaligned shipment quantities, delivery schedules, and capacity utilization. Compared with earlier 
studies that focused primarily on cost comparisons between integrated and non-integrated models, the 
current findings also highlight stability and robustness as key advantages of integration. Integrated 
planning reduced cost volatility and emergency logistics actions, outcomes that earlier research 
acknowledged but did not systematically quantify. The discussion also indicates that earlier studies 
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may have understated the importance of network-level integration, focusing instead on inventory–
transportation coupling at a single distribution tier (Bromiley & Rau, 2016). The present synthesis 
shows that integrating facility location, assignment decisions, and operational policies amplifies cost 
control benefits. This comparison suggests that earlier research correctly identified the direction of 
integration benefits but lacked the scale and diversity of evidence needed to establish their consistency. 
The current findings therefore strengthen the argument that integrated planning is not merely an 
advanced modeling technique but a fundamental requirement for effective distribution cost control in 
retail supply chains (Vahid et al., 2016). 
The findings related to distribution network design and facility location strategies are largely consistent 
with earlier logistics research that emphasized the long-term cost implications of structural decisions. 
Earlier studies often debated centralized versus decentralized network configurations, reporting mixed 
cost outcomes depending on demand patterns and service requirements (Brandenburg & Rebs, 2015). 
The current synthesis confirms that no single structural configuration universally minimizes 
distribution cost, reinforcing earlier conclusions that network design must balance fixed and variable 
cost trade-offs. However, the present findings extend earlier work by showing that cost efficiency 
depends more on how network structures are operationalized and coordinated than on whether they 
are centralized or decentralized. Earlier research frequently evaluated network design decisions 
independently from inventory and transportation policies; the current findings demonstrate that 
structural cost advantages materialize only when supported by aligned operational decisions (Taticchi 
et al., 2015). The discussion also highlights those earlier studies treated cross-docking primarily as a 
facility-level efficiency strategy, whereas the present synthesis positions it as a network-wide cost 
control mechanism dependent on synchronization and routing integration. This reframing aligns with 
emerging perspectives in earlier research but provides stronger empirical consolidation. Additionally, 
the role of distribution centers in omnichannel retail systems, often examined in isolation in earlier 
studies, is shown here to have broader cost implications when integrated into network design analysis 
(Ma et al., 2019). Overall, the comparison suggests that earlier network design research correctly 
identified key trade-offs but did not fully capture the systemic interactions that determine realized 
distribution cost outcomes. 
The strong relationship between coordination quality and distribution cost control identified in this 
study reinforces earlier theoretical and analytical research on supply chain alignment and variability 
amplification. Earlier studies documented how poor information sharing and misaligned policies 
increased inventory and transportation inefficiencies, often illustrating these effects through simulation 
or analytical models (F. Li et al., 2016). The present synthesis confirms these insights across a large body 
of retail-focused optimization studies, demonstrating that coordination failures consistently elevate 
total distribution costs. Compared with earlier research that often-treated coordination as a behavioral 
or organizational issue, the current findings emphasize its quantifiable economic impact. Information 
alignment, demand smoothing, and replenishment synchronization are shown to reduce not only 
variability but also direct logistics expenditures such as routing inefficiencies and emergency 
shipments (Marić & Opazo-Basáez, 2019). The discussion also reveals that earlier studies may have 
underestimated the cumulative cost impact of coordination failures by focusing on individual 
performance metrics rather than total distribution cost. By aggregating cost outcomes, the present 
study highlights how small misalignments compound across supply chain stages to produce significant 
cost escalation. This comparison strengthens earlier conceptual arguments by providing quantitative 
consolidation of their implications (Daneshvar Kakhki & Gargeya, 2019). The findings also suggest that 
coordination mechanisms are most effective when embedded within optimization-based decision 
frameworks rather than implemented as standalone process improvements, an insight that earlier 
research hinted at but did not consistently demonstrate across studies. 
The findings related to uncertainty modeling and robust distribution cost control align closely with 
earlier studies that emphasized the vulnerability of deterministic optimization under real-world 
variability. Earlier research demonstrated that ignoring demand and lead-time uncertainty leads to 
fragile plans and costly corrective actions (Uhlmann & Frazzon, 2018). The current synthesis confirms 
these conclusions and further demonstrates that uncertainty-aware models consistently stabilize 



Journal of Sustainable Development and Policy, April 2026, 73 – 109 
 

102 
 

distribution costs across retail environments. Compared with earlier studies that debated the trade-off 
between efficiency and robustness, the present findings show that robustness-oriented strategies often 
reduce total cost by lowering unplanned expenses rather than minimizing nominal cost alone. This 
reframes the efficiency–robustness trade-off highlighted in earlier literature by emphasizing total cost 
containment rather than average cost minimization (Savastano et al., 2019). The discussion also 
indicates that earlier stochastic models, while effective under well-defined uncertainty assumptions, 
produced variable outcomes depending on parameter accuracy. Robust optimization approaches 
examined in the current synthesis displayed more consistent cost performance across adverse 
conditions, supporting earlier arguments about their practical relevance. By consolidating evidence 
across multiple uncertainty-aware modeling approaches, the present study demonstrates that 
uncertainty treatment is a decisive factor in evaluating distribution cost control strategies (Perman et 
al., 2017). This comparison reinforces earlier theoretical insights while providing stronger empirical 
validation that managing variability is central to sustainable cost control in retail distribution systems. 
CONCLUSION 
This systematic review and meta-analysis synthesize a large and methodologically diverse body of 
operations research and logistics optimization studies to provide an integrated understanding of 
distribution cost control strategies in retail supply chains. Drawing on evidence from a substantial 
number of analytically grounded studies, the synthesis demonstrates that distribution cost control in 
retail contexts is fundamentally a system-level challenge shaped by the interaction of inventory 
policies, transportation and routing decisions, network design structures, coordination mechanisms, 
and uncertainty management approaches. Across the reviewed literature, distribution cost reductions 
are consistently achieved not through isolated cost-cutting measures but through optimization-based 
decision frameworks that explicitly model trade-offs among transportation, inventory holding, 
handling, facility utilization, and service-related costs. Inventory optimization emerges as a central 
driver of cost efficiency by stabilizing replenishment cycles, reducing shipment volatility, and limiting 
the need for emergency logistics responses, while transportation and vehicle routing optimization 
contribute significantly through improved consolidation, route feasibility, and resource utilization 
under service constraints. The meta-analytic evidence further shows that integrated inventory–
transportation and network-level planning approaches outperform sequential or siloed decision 
structures by aligning shipment quantities, delivery schedules, and facility roles within unified cost-
minimization objectives. Strategic distribution network design decisions, including facility location, 
capacity planning, and the use of centralized, decentralized, or hybrid configurations, are shown to 
exert long-term influence on cost structures, with realized benefits dependent on alignment with 
operational policies. Cross-docking and transshipment-based approaches are identified as effective cost 
control mechanisms in high-frequency retail systems by reducing inventory dwell time and rebalancing 
stock, while simultaneously increasing the importance of synchronization and scheduling precision. 
Coordination and information alignment across supply chain partners consistently reduce distribution 
costs by dampening variability amplification, improving demand signal quality, and enabling 
smoother logistics execution. Finally, uncertainty-aware models incorporating demand variability, 
lead-time uncertainty, and transportation disruptions demonstrate superior cost stability compared 
with deterministic approaches by reducing unplanned corrective actions and cost volatility. 
Collectively, the findings provide consolidated empirical support for the long-standing theoretical 
position that effective distribution cost control in retail supply chains depends on coordinated, 
optimization-driven decision systems that account for interdependencies and uncertainty across the 
entire distribution network. 
RECOMMENDATIONS 
Based on the consolidated evidence from this systematic review and meta-analysis, several clear and 
evidence-grounded recommendations emerge for strengthening distribution cost control in retail 
supply chains through operations research and logistics optimization approaches. First, distribution 
cost control efforts should be framed and implemented as system-wide optimization initiatives rather 
than as isolated functional improvements, ensuring that inventory, transportation, facility utilization, 
and service performance are addressed within unified decision frameworks. Retail organizations are 
recommended to prioritize integrated inventory–transportation planning models, as the synthesized 
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evidence demonstrates that coordinated decision-making consistently outperforms sequential or siloed 
approaches in minimizing total distribution cost. Inventory policies should be designed with explicit 
consideration of their downstream transportation and handling impacts, emphasizing multi-echelon 
coordination, synchronized replenishment cycles, and accurate inventory records to reduce shipment 
volatility and emergency logistics actions. Transportation optimization efforts should move beyond 
distance minimization and incorporate service feasibility, consolidation efficiency, and route stability, 
particularly in multi-stop and high-frequency retail delivery systems. Strategic distribution network 
design decisions, including facility location, capacity sizing, and assignment rules, should be evaluated 
using total cost frameworks that balance fixed infrastructure investments with long-term 
transportation and inventory cost implications, ensuring alignment between network structure and 
operational policies. In retail environments characterized by rapid demand fluctuations and tight 
service requirements, cross-docking and transshipment strategies should be applied selectively and 
supported by robust scheduling and synchronization mechanisms to avoid congestion-driven 
inefficiencies. Strong emphasis should be placed on coordination and information alignment across 
supply chain partners, as evidence consistently shows that improved demand visibility, policy 
harmonization, and replenishment synchronization reduce variability amplification and associated 
cost escalation. Finally, uncertainty-aware optimization approaches, including stochastic and robust 
models, are recommended to stabilize distribution costs under demand, lead-time, and transportation 
variability by reducing reliance on reactive and high-cost corrective measures. Collectively, these 
recommendations underscore the importance of embedding optimization-driven, coordinated, and 
uncertainty-conscious decision systems at both strategic and operational levels to achieve sustained 
distribution cost efficiency in retail supply chains. 
LIMITATIONS 
Despite the comprehensive scope and methodological rigor of this systematic review and meta-
analysis, several limitations should be acknowledged when interpreting the findings on distribution 
cost control strategies in retail supply chains. First, the evidence base is heavily composed of operations 
research and logistics optimization studies that rely on mathematical modeling, simulation, and 
computational experimentation, which, while analytically rigorous, may not fully capture all 
behavioral, organizational, and implementation-related factors present in real-world retail distribution 
systems. Many reviewed studies evaluate cost outcomes under stylized assumptions regarding 
demand distributions, lead-time behavior, and operational compliance, which can simplify complex 
operational realities and potentially affect the generalizability of aggregated results. Second, 
heterogeneity across studies represents a methodological limitation, as differences in network size, 
retail format, service constraints, cost structures, and modeling assumptions required the use of 
standardized cost measures and random-effects synthesis, which may mask nuanced context-specific 
effects. Third, not all eligible studies reported distribution cost outcomes in a form suitable for 
quantitative aggregation, resulting in the exclusion of some analytically valuable studies from the meta-
analysis and limiting the statistical power of certain subgroup comparisons. Fourth, publication bias 
cannot be entirely ruled out, as optimization studies that demonstrate clear cost reductions are more 
likely to be published than those reporting neutral or unfavorable outcomes, potentially inflating 
observed effect sizes. Fifth, the review focused on peer-reviewed academic literature, which may 
underrepresent practitioner-oriented studies, proprietary industry analyses, and implementation 
reports that could provide additional insights into practical cost control challenges. Finally, variations 
in how distribution cost components were defined and measured across studies required 
harmonization assumptions that, while necessary for synthesis, introduce an additional layer of 
abstraction. These limitations suggest that while the findings provide strong and consolidated evidence 
of the effectiveness of optimization-based distribution cost control strategies, they should be 
interpreted with appropriate consideration of methodological constraints, contextual diversity, and the 
analytical nature of the underlying literature. 
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